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Spleeter X ~ 25k* 591 6.71 5.51 4.55 6.86
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Conv-Tasnet T v 150 632 +0a T.11+13 7.00+05 4.44+03 6.74 +.06
D3Net X 1.5k 6.68 7.36 6.20 5.37 7.80
Demucs' v 150 6.79 +.02 758 +o02 7.60+13 469 +014 7.29 +.06
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